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[Abstract]

In this paper, we introduce a system that searches for commercial beverages and alcohol products using image recognition technology
and visualizes the information of the products using augmented reality system. It also introduces the design and development of a system
that allows users to register and share product taste information using a web-based mobile platform. For image recognition, learning data
was generated through the data set construction and expansion technology of beverage images and CNN learning was conducted. For
augmented reality visualization, the augmented reality system is designed to operate by immediately registering a marker after product
recognition using a UDT marker . Lastly, we proposed a consumer-friendly sharing system applying the product recommendation
technology developed by the multiple linear regression model. The proposed research is expected to make it easy for consumers to
obtain product information through cameras and to be applied as a new business strategy in the information retrieval and sharing market.
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Classification tastel taste2 taste3 taste4 tasteS
Beer Sweet Bitter Sour Body Smell
Carb(.)nated sweet Bitter Sour Soda Smell
drink
Coffee sweet Bitter Sour Body Smell
Whiskey sweet Bitter Sour Body Smell
Other drink sweet Bitter Sour Soda Smell
Other sweet Bitter Sour Soda Smell
alcohol
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