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ABSTRACT

In this study, models for predicting the final result of League of Legends game were
constructed for each rank using data from the first 10 minutes of the game. Variable
importance was extracted from the prediction models to derive strategic direction in early
phase of the game. As a result, it was possible to predict final results with over 70%
accuracy in all ranks. It was found that early game advantage tends to lead to the final win
and this tendency appeared stronger as it goes to challenger ranks. Kill(death) was found to
be the most influential factor for win, however, there were also variables whose importance
rank changed according to rank. This indicates there is a difference in the strategic
direction in the early stage of the game depending on the rank.
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[Table 2] Model Performance = PgaAde] Y3 HAEY Fe dE5ES 5
Accuracy | F1-Score | AUROC ZAAl Fyol7t 7beet T A7 dE e
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[Table 4] Variable Importance
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