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An International Literature Review on Learning Analytics:

Focused on empirical studies

Ahn, Mi-Lee (Hanyang University)
Choi, Youn Young' (Hanyang Cyber University)
Ko, Yoon Mi (Hanyang University)
Bae, Yun Hee (Hanyang University)

Advances in technology brings mcuh changes in learning environment. Especially, advances in Internet technology have created
various learning settings such as LMSs/VLEs, MOOC, and Web-based learning. These newly emerging learning settings have
contributed to provide more effective learning environment for learners than ever before. These learning environment enable collection
of vast amount of data and analyze such data for meaningful interpretation. Recently, much attention has been paid to Learning
Analytics in order to understand different learning types or learners, predict learners’ performances, and further to develop various
teaching strategies under those learning settings. Although many studies on Learning Analytics have been conducted, we lack
information about research objectives, learning settings, and data analysis methods used in Learning Analytics. Therefore, the purpose
of this literature review of international research was to identify trends of current Learning Analytics studies in terms of research
objectives, learning settings, and data analysis methods. In this research, we reviewed a total of 154 published in international articles
and presentations made between September of 2013 through August of 2015. This literature review applied Papamitsiou &
Economides (2014) literature review framework and methods. The research findings showed that (1) prediction of performances,
recommendation of resources, and student behavior modeling were prevalent in terms of research objectives, (2) LMSs/VLEs and
web-based education were prevalent in terms of learning settings, and (3) statistics was prevalent in terms of data analysis method.
Specifically, various data analysis methods have been used such as Text Mining and Social Network Analysis. Interestingly, Bayesian
Inference Network or Machine Learning which is not commonly used in Educational Technology was found from this literature review.
We suggested several implications to improve Learning Analytics in Korea. It is necessary to conduct studies with various learning
objectives, learning settings, and data analysis methods. Finally, it should lead to conceptualize Learning Analytics for Korean
researchers. In addition to these conclusion, the use of data for education offer implication for researchers in the field of Korean
Educational Technology. The research using Learning Analytics can provide strategies for designing hybrid learning environment,
student achievements and feedback, and the visualized data could provide additional information about students’ learning process.
Further researches in the area of Learning Analytics can provide important implications for those who research to improve online and

offline learning environment.

Key words : Leaning Analytics, Empirical Studies, Systematic Literatre Review
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