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[Abstract]

This study aimed to extract major social problems recently discussed through social polarization and multiple disparities and
interpret the related phenomena. Specifically, social media articles from three major daily newspapers were collected and 20 major
topics were identified using Latent Dirichlet Allocation (LDA) as a method for topic modeling and interpretation. In addition, the
tendency of topics was predicted by confirming changes in topics over time. Finally, the implications and research limitations are
discussed.
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Fig. 1. Perplexity (left) and coherence (right) according to

the number of topics
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Table 1. Result topic list
. . Word
T Main ki )
opic Category ain keyword o
Topic 1: ALS|ZH[of| =2l, &zl =3,
it = 7tet M 29| X EH%%*, slo|, M, =9o|| 7.4%
SEtm} 2l QAL B|Z
Topic 2: &gl xjoq. |HHEH B, WS, AR,
Zhaof wa i_‘E WFE, $5, WAL °h"— 71%
cistelAlet WS 2, "It
. = A, AZ, Ui, T
Topic 3: & M&2| _ o ot i
M ol el TE:! x| |oldh F=2 XY, Y, 6.8%
=] ol
Ly
) — ol M1, m|a K|, A=
BPSE=RESIN IR _ =7
Topic & SHHME| 5 et sz maRol, | 6.6%
==L Ato] /\‘IioH! PSE==L]
ZE AT AL A,
ic 5: Z2H=E| _ S=, L
Tl?ﬂcf A O atal (el 97 24 ME | 6.3%
Abslf, 43
Topic 6: Al2|& ALZ, O[Ef R, A2} okg,
Ezjeor ¢ Atel 1B, /IS, AL AL 5.5%
orSdZel Hey =2, 015
Topic 7: 7|4t o|Hof| 7|2, XA, Bl E, 7|aH,
e =2 efE, Atz |slial M= of Al of 2, 5.3%
stuto| 1|3 B, =2
. 2L gl HE, =
. > i , ,
e OO | aia |, b e B3| s
s oAz, HA
) . A, AL 23t 5
Topic 9: 22 £X - S e oL
oe O SEE SN Ml e el S N8l | 5.2%
= e, ™A
Topic 10: FMALLL ARLL, SERY, A gy
LA gl ofd] 2o Atz ok, B, SE RHAL 5.2%
X 7| Tz, sl
Topic 11: &4l X & CHEHR, A&, B4, He
EL “F”A}Eﬂoil CH sk AtEl A, ME2, ME, 5.2%
2 &l A 1™, HT
] } HE, o AR EHE
Topic 12: A x| H|2] , L e o
m; ol& & leul | x| |2FEE oF HeAL 5.2%
= ViTr oS Mt &o|
Topic 13: AP7| & TAL AE AL
-S|z 2 AL NE “4—?——?’— %*AA*" 5.1%
E7t HIM, AFA, o
Topic 14: #&{7] ALE, Eholl, Ma)|7], v
HiE 2 Sy Atz | ol JIE, MEA, AL 4.8%
=3 A5 EofAg, AL
Topic 15: Al HA, 5X|, 25,
LA SE 2IEt Atz | X, ’gi'-j ols, =2l,| 4.6%
HoFd g I, AS
Topic 16: x|od. ", o7, B A&,
S RAIAY U . 74E(E%E°4), g, 3.3%
O| 2AMH|A AFZEX|CH =E k= RPN -13 7§I2|.
Topic 17: &ofjel 7EIoI-"4 ME, g, &=,
of &k =t gl ALl JAIEL AR, B, I_, 3.2%
HE|EE ol el, MRt
Topic 18: ‘=&At2e| 3tE, o=, i, oy,
oM EAH T Algl | RE, mekl, Z2RL 2.9%
A= A=, 28, ===
Topic 19: £X} & AP, 28, T T4,
SZEAP| Zaj Al | AKEl  |[HolAmlAl B SH, | 2.6%
E7t 2ell, Rz, MAt
oxox.| xl_a
Topic 20: 24
2z2 SMAL ALD,
mE oEY Ele | Al (Ao > 2.3%
Lo 2EE, 7, ASAL,
EZ, EO“KF

“To describe the keywords derived through text analysis, Table 1
was written in Korean
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I cstimated term frequency within the selected topic

1. saliency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)/p(t))] for topics t; see Chuang et. al (2012)
2. relevance(term w | topic t) =A * p(w | t) + (1-A) * p(w | t)/p(w); see Sievert & Shirley (2014)
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Fig. 3. Politics category topics (Topic 1)
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1. saliency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)/p(t))] for topics t; see Chuang et. al (2012)
2. relevance(term w | topic t) =A * p(w | t) + (1-N) * p(w | t)/p(w); see Sievert & Shirley (2014)
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Fig. 4. Social category topics (Topic 15)
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Table 2. Hot & Cold classification through time series

analysis

Topic Estimate SE t yol Hot&Cold
Topict —-.00295 .00035 -8.42 <.001 cold
Topic2 | .000684 | .000405 | 1.69 .091 -
Topic3 .00113 .000327 3.45 <.001 hot
Topic4 | .000515 | .000493 | 1.04 .296 -
Topich —.00204 .000469 | -4.34 <.001 cold
Topic6 | —.000694 | .000282 | -2.46 .014 cold
Topic7 —-.00266 .000423 | -6.29 <.001 cold
Topic8 | —.00426 | .000481 | -8.87 | < .001 cold
Topic9 | -.00138 | .000315 | -4.39 | < .001 cold
Topic10 | .00417 .000383 | 10.9 < .001 hot
Topict1 | -.00101 | .000292 | -3.45 | < .001 cold
Topic12 | .00553 .000393 | 14.063 | < .001 hot
Topic13 | —.000244 | .000346 |-0.706 .481 -
Topic14 | -.00227 | .000289 | -7.86 | < .001 cold
Topict5 | .000326 | .000263 | 1.24 .216 -
Topic16 | —.000427 .00025 -1.71 .087 -
Topic17 | .00326 .000282 | 11.56 | < .001 hot
Topic18 .00209 .00027 7.74 <.001 hot
Topic19 | .000684 | .000207 3.3 < .001 hot
Topic20 | —.000456 | .000241 | —1.89 .059
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