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Abstract

We propose several techniques which can be employed in a 3D fitness program for monitoring and correcting user’s postu
re. To implement a 3D fitness program, improved reference motion generating techniques and visualizing techniques are nec
essary. First, in order to understand the difference between the user and the reference movement of a professional, a retarge
ting method between two different body shapes are studied. Second, the problem of self-occlusion, which occurs when usin
g a low-cost depth sensor to represent complex motions, is solved by using a sample database and time consistency. The s
ystem proposed in this paper evaluates the user 's posture considering the physical characteristics of the user, and then prov
ides feedback to the user.
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figure 1. System overview
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figure 2. Self-occlusion problem in Kinect SDK
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figure 4. Determine the suitability of motion depth buffer and
depth data
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