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2.1 &8 MZAY(Recurrent Neural Network, RNN)

Recurrent Neural Network (RNN)& AJAIE do]E el 7o)
TAE 7D e dolHE AYste ¢3 AAFot, o&
ol ARE Ffste] A HAE MAste o] &8y
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2.1.1 RNN2| 7|2 4

a3 13 7LO] 8%%«] 774 (Hidden- layer Neuron)& 2%
Aol 2YZF9 FHAAM U HES ASEA Z}"]«] H}
2 e /\]240] ° lilH ZH?]X’ 455 gk -1
A A Aol A M Qe ke 3A &

= W

of 4r
lo r

rlo
a0
ol 1C
o,
¢
:lE fu

s HU
"
nl
of
o%, F
to =
i
= rir
oK
E

fo =
—

o
H

N

N

rlo
oL
oq

Hil

e o

Z3% 2% (Output layer)
(Forward propagation) &}
g UJr (Back propagation)Z &
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g2} e ]Eb % 1o 27184 [2].
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Parameter Nomenclature

Ty 212 (input)

Yy =9 (output)

ht &Y 48 (hidden state)
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2.1.2 RNN2| =g 0|2
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dF Lig A d8l hEA dANsE 2a6drte
Lo g g g S U, V, Wl disl 2ddd
b Az wsel g ggE s o5 Ade 1YddE §
Z QdolEdt. &% :zeﬂulod_tz%% Al 72 (Chain rule)
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2.2 MEZE HE{ §|#(Support Vector Regression, SVR)

Ay vy 39, TR/, oldA BHAAE ALS THee A
YE WE 7= 1:]—273 Eﬂ}‘]‘HH Tde] odZolr}, ARk
SVRZ o|x /AT 528 gt gAFoAE= o] 71Ho
AAA QA ALEA F=o [4].
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2.2.1 MEE HIE 3|2 7|2 714
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K(:Ei,z)z

exp(— (z;— 2)*/20%) (4)

2.3 Markov Chain 2%
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